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1.	 Executive summary

AI is not triggering a collapse of work;  
it is reshaping how work is organized, 
performed, valued and governed. 

Artificial intelligence (AI) is widely portrayed as 
an imminent threat to work. Headlines in early 
2026 routinely linked mass layoffs to “AI enabled” 
operating models, reinforcing a narrative of rapid job 
destruction and social dislocation. More recently, 
the narrative has shifted toward AI as a driver of 
productivity and future job growth. To date, the 
evidence shows little sign of major disruption: 
employment across advanced economies remains 
near historical highs; the net wage effects are 
modest; and large scale AI deployment in core 
production remains limited. 

This gap between anticipation and observation 
echoes earlier technological transitions. As 
with steam, electricity and Information and 
Communication Technology (ICT), AI is emerging as 
a General-Purpose Technology (GPT): a technology 
for which economic and labor market impact 
depends less on raw capability than on adoption at 
scale, complementary innovation, and organizational 
response. History shows such transitions to be 
disruptive, uneven and politically charged – but 
ultimately associated with productivity growth, job 
creation and rising living standards, rather than  
labor collapse.

This paper assesses what is observable today, what 
can reasonably be anticipated, and what remains 
uncertain. Rather than predicting a single outcome, 
it frames a set of plausible labor market scenarios 
for the coming decade and draws implications for 
business leaders and workforce solutions providers. 

Observations today: AI is already reshaping 
tasks, but broad-based labor-market 
disruption has not materialized.

To date, AI is reshaping tasks more than eliminating 
jobs. Empirical evidence shows that AI primarily 
augments rather than automates activities within 
occupations, with limited replacement of entire 
roles to date. As augmentation currently dominates, 
productivity gains allow workers to shift effort 
toward complementary tasks, often supporting 
employment. Where negative effects appear, they 
are concentrated in roles with broad AI exposure – 
particularly cognitively repetitive, structured tasks  
in entry level white collar jobs.

Unlike earlier technologies, AI disproportionately 
affects professional and white collar tasks, with 
exposure rising across the wage distribution and 
peaking near the top. Many lower paid manual and 
service roles remain relatively insulated for now. 
At the aggregate level, employment and wages 
remain stable despite stated AI linked layoffs from 
prominent firms. Employment rates across the 38 
OECD economies are near historical highs, wage 
effects for large incumbent firms are modest, and 
large scale deployment remains limited, with fewer 
than one in ten firms having integrated AI into core 
workflows at scale. Economic value creation is a 
function of how well workflows and role designs are 
adjusted, and reskilling programs embedded.

At the same time, AI is creating new jobs while 
widening dispersion. Nearly two million roles have 
emerged directly and indirectly, many of them new, 
and scarce AI related skills command substantial 
wage premiums. Leading adopters – typically larger, 
more productive firms – are expanding employment 
and raising pay. 

AI adoption outcomes are strongly shaped by 
regulation: Europe’s precautionary approach slows 
adoption but strengthens worker protections, while 
the US, UK and China move faster under different 
governance models. These divergences are already 
influencing where and how AI affects work – and will 
do so more sharply over time.
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The next decade: AI capability will continue 
to advance rapidly; its economic impact will 
depend on how quickly organizations turn 
capability into productive deployment.

Ten structural trends will shape AI evolution and 
adoption over the next decade.

AI technology evolution will remain rapid but uneven. 
Capabilities will advance non‑linearly across multiple 
model pathways—generative, agentic, and physical 
AI —rather than converging on a single dominant 
architecture. However, even as systems become 
more autonomous, human-in-the-loop oversight of 
high-stakes decisions will remain essential, because 
frontier AI systems can behave in ways their creators 
cannot fully predict or control.

AI adoption dynamics will increasingly determine 
economic and labor‑market outcomes. While 
AI diffuses quickly at the consumer level, 
organizational deployment lags due to workflow 
rigidity, governance constraints, and the need 
for complementary investments. This creates a 
widening gap between what AI can do and what 
firms can absorb, concentrating productivity and 
wage gains among early adopters with the agility  
to reconfigure work at scale.

Structural moderators will shape where and how 
disruption materializes. Physical AI will extend 
automation into manufacturing and logistics, 
primarily to offset labor shortages in ageing 
economies rather than to displace abundant 
workers. At the same time, demographic divergence 
and regulatory fragmentation will redistribute 
AI‑intensive work across regions, shielding some 
labor markets while accelerating adjustment 
pressures in others.

The real uncertainties: The future of work 
will depend on both the economics of 
substitution and the politics of control.

Two uncertainties dominate the outlook. First,  
will AI primarily complement labor or substitute  
for it at scale? Second, will economic power 
concentrate in a handful of AI platforms – or  
remain broadly distributed?

Financial markets and media increasingly price 
a pessimistic outcome of large scale job loss 
driven by rapid automation. Academic evidence, 
by contrast, points to productivity gains and job 
transformation consistent with past GPTs, not 
sustained unemployment. 

Four plausible futures: AI could produce 
several labor-market futures; most point  
to reshaped, revalued, and increasingly 
hybrid work.

Building structured scenarios around these 
uncertainties yields four distinct future narratives:

• Flourishing Economy: AI becomes a broad-based 
productivity engine rather than a labor substitute. 
In an open and competitive ecosystem, firms use 
AI to expand output, redesign work and create new 
hybrid roles. Labor markets settle into a resilient 
growth equilibrium: employment remains high, 
wages rise broadly, and workers move progressively 
toward higher-value tasks requiring judgment, 
creativity, trust and human oversight. This is the 
most historically consistent – and most plausible – 
scenario.

• Capital Rules: Automation advances more rapidly 
and displaces routine work, creating a period of 
labor-market pressure and wage compression. 
Because AI capabilities and capital remain broadly 
distributed, AI-enabled business models and firms 
eventually generate replacement demand. The 
equilibrium is entrepreneurial: employment recovers 
and strong wage premiums emerge for workers who 
design, supervise and adapt autonomous systems.

• Walled Garden: Hybrid work is strong, but AI power 
is concentrated in a small number of dominant 
platforms. Employment is stable, yet labor markets 
become more rigid as workers and firms depend on 
closed AI ecosystems. The resulting equilibrium is 
resilient but constrained: labor remains important, 
yet mobility, wage growth and entrepreneurship 
weaken as AI rents accrue mainly to platform 
owners.

• Deus Ex Machina: In this scenario, highly 
autonomous AI displaces labor at scale while control 
over the technology remains highly concentrated. 
Output stays high, but employment weakens 
sharply, and the link between work and income 
erodes. Firms access automation as an integrated 
service, rented from platforms owned and operated 
by a small number of technology companies. While 
this equilibrium is economically productive, it is 
socially unstable, requiring substantial income 
redistribution, new shared ownership models for 
technology assets, and a redefinition of the role of 
work in society. This is the only scenario without a 
close historical precedent, as it assumes a structural 
break between productivity, employment, and 
income. From today’s perspective, and in light of the 
recent narrative shift, this scenario appears unlikely.



The bottom line: The shift to hybrid labor 
markets is recasting talent solution providers 
as hybrid workforce orchestrators.

The future of work in the age of AI is not pre written. 
History, data and plausible scenarios point to a 
period of profound adjustment – disruptive and 
uneven, but compatible with employment growth 
and rising productivity. “Doom loop” narratives 
reflect fear more than evidence. 

Across all but the Deus Ex Machina scenario, 
labor markets remain economically meaningful – 
and choices matter. Reaching the more positive 
futures will depend less on what AI can do in 
principle, and more on the collective choices made 
by governments, firms, investors, labor market 
institutions and civil society in the decade ahead.

Across the workforce and talent solutions industry, 
a structural redefinition is underway. As AI and 
robotics diffuse across economies, value creation 
shifts away from supplying labor into fixed roles and 

toward orchestrating hybrid workforces in which 
humans and digital systems jointly produce output. 
The binding constraint for organizations is no longer 
access to technology, but the ability to redesign 
work, reallocate tasks, certify skills, and integrate  
AI safely and productively within real  
operating environments. 

This transforms workforce providers from 
downstream staffing intermediaries into upstream 
partners shaping how work itself is organized. 
Their role centers on hybrid workflow design, 
task‑level skills intelligence, continuous reskilling 
and redeployment, and trusted coordination across 
fragmented technology stacks, regulatory regimes, 
and labor markets. They enable ongoing adaptation 
in labor markets characterized by human–AI 
collaboration, demographic constraint, and uneven 
adoption. Those that successfully make this shift 
will break out of cyclical staffing dynamics and 
embed themselves as long‑term orchestrators of 
sustainable productivity growth and  
workforce realignment.
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Set against this media discourse, the empirical 
evidence of AI’s labor market impact remains 
limited. Economists observe early effects in specific 
segments – particularly entry level and certain 
knowledge roles – yet at an aggregate level, labor 
markets show little sign of structural change. 
Forward looking estimates of AI’s impact vary widely, 
reflecting uncertainty rather than consensus.

Meanwhile, capital markets are attempting to 
price what comes next. Investment bank analyses 
increasingly point to significant “labor risk exposure” 
from AI and robotics, often reinforcing a pessimistic 
disruption thesis – one that may intensify as more 
agentic AI systems scale.

This divergence between observable reality and 
anticipated impact raises a familiar question: are we 
seeing a modern version of Solow’s “productivity 
paradox” – a gap between widespread expectations 
of transformation and its limited visibility in economic 
data? Historically, such gaps have reflected the lag 

between technological capability, organizational 
adoption at scale, and measurable economic 
outcomes.

This paper steps back to assess what is known; 
what can reasonably be inferred; and what remains 
uncertain. Recognizing that both AI technology and 
its workforce adoption are still at an early stage, we 
do not offer precise forecasts. Instead, we focus on 
three questions:

1.	� What impacts of AI on labor markets are 
observable today, and what narratives shape 
their interpretation?

2.	� What future developments in AI and robotics 
– and in their adoption – can be reasonably 
anticipated?

3.	� Given these dynamics, what plausible scenarios 
emerge for labor markets and for workforce and 
talent solutions providers?

2.	Introduction

AI is arguably the most consequential technology shift of this generation. Across large 
technology groups and digital platforms, layoffs announced in 2026 have frequently been 
framed as steps toward “leaner, AI enabled” operating models. This has fueled a counter 
narrative of “AI washing” – the suspicion that AI is at times a convenient label for broader 
cost cutting in the face of uneven performance.
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A useful way to define a GPT is as a single generic 
technology, recognizable as such over its whole 
lifetime, that initially has substantial scope for 
improvement and eventually becomes widely used, 
with many applications and far reaching spill  
over effects.1 

GPTs therefore share three core properties: they 
improve rapidly over time; diffuse across many 
sectors; and spawn waves of complementary 

innovations – new technologies, products, 
services and business models – that were largely 
unforeseeable at the moment of their emergence. 
While often related to Industrial Revolutions, they 
are not the same thing; Industrial Revolutions 
describe broader periods of economic and 
social transformation driven by combinations 
of technologies, infrastructure, institutions and 
organizational change.

The First Industrial Revolution (from the 1780s), 
built around steam power and mechanization, 
introduced a new empirically driven “method of 
invention” based on systematic experimentation 
and practical engineering. The Second Industrial 
Revolution (from the 1880s), powered by electricity 
and mass production, industrialized innovation itself 
through the rise of corporate R&D laboratories and 
applied science. The Third Industrial Revolution 
(from the late 20th century), driven by information 

and communication technologies (ICT), digitized 
knowledge and dramatically lowered the cost of 
storing, processing and transmitting information.2 

The Fourth Industrial Revolution, emerging over the 
past two decades, extends this digital foundation 
through the convergence of AI, cloud computing, 
advanced connectivity, IoT, cybersecurity and 
robotics into increasingly integrated cyber  
physical systems3.

Across these transitions, the most consequential 
layers of value generated were those that could not 
be specified in advance: innovation built on top of a 
revolutionary technology proved central to long run 
economic transformation.

What these prior General-Purpose Technology 
(GPT) revolutions share is not only the productivity 
gains they unlocked – in both total factor and 
labor productivity – but also their association with 
sustained net employment growth.

1	� Lipsey, R.G., Carlaw, K.I., Bekar, C.T., Economic Transformations: General-Purpose Technologies and Long-Term Economic Growth, Oxford University 
Press, 2005

2	 Crafts, N., Artificial Intelligence as a General-Purpose Technology: An Historical Perspective, Oxford Review of Economic Policy, 37(3), 521–536, 2021
3	 Schwab, K., The Fourth Industrial Revolution, ACM Digital Library, 2017

1st Industrial Revolution
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(1780s)
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3.	AI as a general-purpose technology: lessons from history

For much of economic history, transformative growth has not come from incremental 
innovation, but from a small number of General-Purpose Technologies (GPTs) that 
reshaped global economies.

https://global.oup.com/academic/product/economic-transformations-9780199290895
https://academic.oup.com/oxrep/article/37/3/521/6374675
https://dl.acm.org/doi/10.5555/3137529
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Realizing these productivity gains came with a 
significant time lag. Supporting infrastructure had to 
be built and complementary innovations developed 
on top of the General-Purpose Technology. In 
the first two Industrial Revolutions, it took 30–60 
years before gains in total factor productivity (TFP) 
became material.

Importantly, prior GPTs expanded net employment 
rather than contracting it, albeit through profound 
structural change and the displacement of specific 
occupations.

AI – particularly recent advances in generative and 
agentic AI – is now emerging as a major new General 
Purpose Technology within the broader Fourth 
Industrial Revolution. As with earlier GPTs,  
its significance lies not only in the technology itself, 
but in the complementary innovations, organizational 
changes, and entirely new industries that will be built 
on top of it.

History provides important context on employment 
outcomes. Goldman Sachs (2023) estimates that 
more than 85 percent of U.S. employment growth 
since 1940 has occurred in occupations that did 
not exist at that time. In other words, GPTs have 
not reduced the overall stock of jobs; they have 
fundamentally reshaped which jobs exist. The 
mechanism is well understood: productivity gains 
lower prices, raise real incomes, and – most 
critically – enable the formation of new industries 
and categories of work.4, 5

What differentiates AI from previous GPTs is its 
ability to augment or replace cognitive work – 
something prior technologies did not do – and the 
speed at which it is diffusing across the economy. 

Large language models now perform strongly 
on complex cognitive tasks – latest versions of 
LLMs pass the bar exam at the 90th percentile6 

outperform unassisted physicians at differential 
diagnosis on challenging clinical cases7 and 
generate production-ready, publishable code.

AI also differs in the speed of its diffusion. 
Unlike prior GPTs, it is being deployed on pre 
existing digital infrastructure, with data, compute, 
distribution, and user interfaces already in place. 
This has sharply compressed the time between 
technological breakthrough and economic 
relevance, narrowing adjustment windows for firms, 
workers, and institutions.

As a result, AI – together with “physical AI” in the 
form of robotics – is progressively affecting virtually 
all segments of the labor market at unprecedented 
speed, increasing short term disruption risk as 
adjustment periods compress. How societies 
navigate this transition – through skills systems, 
regulation, and labor market institutions – remains  
an open question.

History suggests that outcomes during GPT driven 
disruptions cannot be precisely predicted. It does, 
however, consistently point to periods of disruptive 
structural change that ultimately coincide with 
economic and employment growth, rather than 
systemic collapse of labor markets or the  
broader economy.

Net employment change across GPT transitions (index)

1st Revolution

Sources: Goldman Sachs Research (Oct. 2023); Autor et al. (2020); BLS Employment Projections
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4	 Autor, D. et al., Extending the Race Between Education and Technology, AEA Papers and Proceedings, 2020
5	 Goldman Sachs Research, The Potentially Large Effects of Artificial Intelligence on Economic Growth, Global Economics Analyst, March 2023
6	 OpenAI, GPT-4 Technical Report, arXiv:2303.08774, 2023
7	 McDuff, D. et al., Towards Accurate Differential Diagnosis with Large Language Models, arXiv:2312.00164, 2023

https://doi.org/10.1257/pandp.20201061
https://www.gspublishing.com/content/research/en/reports/2023/03/27/d64e052b-0f6e-45d7-967b-d7be35fabd16.html
https://arxiv.org/abs/2303.08774
https://arxiv.org/abs/2312.00164
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4.1	� Tasks, not jobs: augmentation  
dominates automation

The appropriate analytical lens for understanding 
AI’s labor market effects is tasks rather than jobs. 
As Acemoglu (2024)8 argues, AI technologies rarely 
replace entire occupations wholesale. Instead, 
they automate or augment specific tasks within 
occupations, leaving other tasks – particularly 
those requiring judgment, contextual reasoning and 
interpersonal interaction – in human hands.

Empirical evidence strongly supports this view. 
Humlum and Vestergaard (2025)9, using granular 
CV and job posting data, show that the task 
composition of occupations is shifting meaningfully 
even when headline employment remains stable. 
OECD analysis of skill demand (2024)10 similarly 
finds that many highly AI exposed occupations 
continue to see rising vacancy postings, precisely 
because productivity gains in automated tasks 
free resources for complementary activities. More 
recently,  analysis on the US from June 202611 shows 
the employment share of AI-exposed jobs continues 
to remain stable, and indications from a Bank for 
International Settlements (BIS) study by Aldasoro et 
al. (2026)12 suggest firms that adopt AI technologies 
experience higher productivity gains, without the 
technology replacing labor in the short term.

Furthermore, task augmentation has so far 
outweighed task automation. Where AI exposure is 
concentrated in a limited set of tasks, workers tend 
to reallocate effort toward unaffected activities, 
with productivity gains dominating. Where exposure 
is broad and diffuse, substitution effects are more 
likely. Brynjolfsson, Chandar, and Chen (2025) 
provide empirical support: entry-level employment 
declined where AI primarily automates but grew 
where usage is predominantly augmentative. Aghion, 
Bunel, Jaravel et al. (2025) find similar patterns in 
French data, with positive employment responses 
linked to AI used for ICT security, and weakly 
negative effects associated with administrative 
process automation.

4.2	�Uneven exposure, skewed toward higher‑paid 
cognitive work

AI exposure is not evenly distributed across 
the labor market. Impact potential is currently 
concentrated in complex, higher‑paid white‑collar 
tasks rather than in lower‑wage occupations. 
Acemoglu (2024) shows that average AI exposure 
rises with wage rank and peaks near the 90th 
percentile of the earnings distribution. IMF analysis 
(Cazzaniga et al., 2024)13 confirms this with global 
data, showing that advanced economies face 
both greater risk and greater opportunity from AI 
integration.

Baily, Brynjolfsson, and Korinek (2023)14 frame this 
as a structural novelty: for the first time, creative and 
unstructured cognitive jobs are materially exposed 
to automation risk, while many blue‑collar roles 
remain relatively largely unaffected. Generative 
AI excels at language processing and pattern 
recognition but has made limited progress in the 
physical manipulation, spatial reasoning and on‑site 
adaptability that characterize most manual trades.

8	 Acemoglu, D., The Simple Macroeconomics of AI, NBER Working Paper No. 32487, 2024
9	 Humlum, A., Vestergaard, E., Still Waters, Rapid Currents: Early Labor Market Transformation under Generative AI, NBER Working Paper, 2026
10	 Green, A. (OECD), Artificial Intelligence and the Changing Demand for Skills in the Labor Market, OECD AI Papers, 2024
11	 Yale, The Budget Lab, June 2026
12	 Aldasoro, I., et al, AI adoption, productivity and employment: evidence from European firms, BIS Working Paper No. 1325, 2026
13	 Cazzaniga, M. et al., Gen-AI: Artificial Intelligence and the Future of Work, IMF Staff Discussion Note, 2024
14	 Baily, M.N., Brynjolfsson, E., Korinek, A., Machines of Mind: The Case for an AI-Powered Productivity Boom, Brookings, 2023

4)	�Point of departure:  
AI impacts on labor markets to-date

This section takes stock of what is currently observable about AI’s impact on labor 
markets, drawing primarily on recent academic and institutional research. It establishes  
a factual point of departure, before moving on to outlining what might happen in the future  
in the next chapters.

https://www.nber.org/papers/w32487
https://www.nber.org/papers/w33777
https://www.oecd.org/content/dam/oecd/en/publications/reports/2024/04/artificial-intelligence-and-the-changing-demand-for-skills-in-the-labour-market_861a23ea/88684e36-en.pdf
https://budgetlab.yale.edu/research/tracking-impact-ai-labor-market
https://www.bis.org/publ/work1325.htm
https://www.imf.org/en/Publications/Staff-Discussion-Notes/Issues/2024/01/14/Gen-AI-Artificial-Intelligence-and-the-Future-of-Work-542379
https://www.brookings.edu/articles/machines-of-mind-the-case-for-an-ai-powered-productivity-boom/


10

4.3	Minimal aggregate employment impact so far

For all the headlines about AI driven layoffs, the data 
tell a more restrained story. The measurable impact 
of AI on aggregate employment has, to date, been 
marginal. Three and a half years after the release of 
ChatGPT, OECD employment rates remain at record 
highs (72.1%) and unemployment near historic lows 
(4.9%) across 38 member countries.15 In the United 
States, economy wide employment has continued 
to grow (Brynjolfsson, Chandar and Chen, 2025)16, 
while Humlum and Vestergaard (2025) show that AI 
exposed occupations in Denmark have maintained 
stable shares of total hours and earnings since the 
introduction of AI chatbots.

A key caveat is that large scale AI adoption remains 
somewhat limited, even as headline adoption climbs. 
On the U.S. Census Business Trends and Outlook 
Survey’s original, narrow measure of AI use in the 
production of goods or services, take-up rose from 
under 5 percent in early 2024 to around 10 percent 
by September 2025; after the survey broadened its 
question in late 2025, reported use reached roughly 
18 percent of firms, or close to 32 percent on an 
employment-weighted basis. In Europe, Eurostat 
data indicate around 20 percent AI adoption. 
However, US data shows that most adopters 
apply AI in three or fewer business functions, so 
deployment remains shallow rather than deeply 
embedded as of late 202517. Techno-optimists 
argue that today’s productivity paradox can be 
explained by the delay before the potential of AI as 
new GPT is fully realized18 – indeed adoption has 
likely accelerated since these studies, as seen by 
the rapid enterprise uptake of agentic coding tools 
such as Claude Code in early 2026. But for now, 

AI deployment still represents a small share of its 
potential footprint, helping to explain why aggregate 
employment effects remain limited so far.

This aggregate employment stability nevertheless 
conceals important pockets of exception. Relative 
employment has declined 16% among early career 
workers aged 22 to 25 in certain AI exposed 
occupations since the widespread release of 
generative AI tools in late 2022, particularly  
software development and customer service19. 
Humlum and Vestergaard (2025) independently 
confirm these age-differentiated patterns using 
Danish registry data. 

4.4	AI is also creating jobs

Often overlooked in public debate is the extent to 
which AI is also creating new employment. LinkedIn 
data suggest that between 2023 and 2025 AI 
created approximately 1.3 million jobs directly and 
a further 0.6 million indirectly20. Babina et al. (2024) 
find that AI‑investing firms expand employment in 
certain categories – particularly junior technical 
roles with high educational attainment – even as they 
restructure others. Recent European Central Bank 
(ECB) analysis concludes the same: firms with high 
levels of AI adoption or AI-related investment are 
more likely to employ additional staff (Lebastard and 
Sondermann, 2026)21.

As with previous general‑purpose technologies, 
as McAfee (2024)22 notes, AI is reshaping the 
occupational composition of the workforce rather 
than eliminating work in aggregate, albeit with a 
distinct and uneven distributional footprint.

15	 OECD, Employment Outlook 2025, Chapter 1, OECD Publishing, 2025
16	� Brynjolfsson, E., Chandar, B., Chen, R., Canaries in the Coal Mine? Six Facts about the Recent Employment Effects of AI, Stanford Digital Economy Lab / 

NBER, November 2025
17	� U.S. Census Bureau, Business Trends and Outlook Survey (BTOS), 2024-2025; Eurostat, Use of AI in EU enterprises, January 2025; Bonney, K. et al., 

The Microstructure of AI Diffusion: Evidence from Firms, Business Functions, and Worker Tasks, U.S. Census Bureau, April 2026
18	� Crafts, N., Artificial Intelligence as a General-Purpose Technology: An Historical Perspective, Oxford Review of Economic Policy, 37(3), 521–536, 2021
19	� Brynjolfsson, E., Chandar, B., Chen, R., Canaries in the Coal Mine? Six Facts about the Recent Employment Effects of AI, Stanford Digital Economy Lab / 

NBER, November 2025
20	� World Economic Forum / LinkedIn Economic Graph, AI has already added 1.3 million new jobs, according to LinkedIn data, January 2026
21	� ECB, Economic Bulletin, 2026
22	 McAfee, A., Generally Faster: The Economic Impact of Generative AI, Advance Davos Draft, 2024

https://doi.org/10.1787/194a947b-en
https://digitaleconomy.stanford.edu/publications/canaries-in-the-coal-mine/
https://www.census.gov/programs-surveys/btos.html
https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Use_of_artificial_intelligence_in_enterprises
https://www.census.gov/library/working-papers/2026/adrm/CES-WP-26-25.html
https://academic.oup.com/oxrep/article/37/3/521/6374675
https://digitaleconomy.stanford.edu/publications/canaries-in-the-coal-mine/
https://www.weforum.org/stories/2026/01/ai-has-already-added-1-3-million-new-jobs-according-to-linkedin-data/
https://www.ecb.europa.eu/press/economic-bulletin/focus/2026/html/ecb.ebbox202602_06~c9f485c478.en.html
https://blog.google/technology/ai/a-new-report-explores-the-economic-impact-of-generative-ai/


11

Aggregate wage effects remain contained, 
mirroring the employment picture. Across exposed 
occupations and incumbent workers, early evidence 
points to remarkable stability. Humlum and 
Vestergaard (2025), linking surveys of AI chatbot use 
across eleven highly exposed Danish occupations 
to administrative employer-employee records, 
estimate near‑zero earnings effects two years after 
the introduction of AI chatbots, ruling out changes 
larger than two percent. Yale analysis on the US 
(June 2026)23 reaches a similar conclusion: real 
hourly wages for both AI-exposed and unexposed 
occupations remain stable. 

At the same time, disruption is concentrated in 
specific pockets. Firm‑level evidence from Azar, 
Giné and Sanz-Espín (2025) in the United States 
shows that starting wages for junior and mid‑level 

hires in AI‑exposed firms have declined 6.3 and 5.9 
percent respectively since the launch of ChatGPT, 
while senior wages have remained stable24. Some 
roles have seen sharp wage increases, notably 
those with AI‑related skills. PwC (2025), analyzing 
close to a billion job advertisements across six 
continents, estimates a 56 percent wage premium 
for workers with AI skills, more than double the 
level observed a year earlier25. Many of the roles 
capturing this premium, including AI engineers, 
forward‑deployed engineers and AI consultants,  
did not exist five years ago.

The emerging signal is not uniform wage 
compression, but widening dispersion driven  
by skill scarcity, task‑level exposure and  
seniority structures.

23	� Yale, The Budget Lab, June 2026
24	� Azar, J., Giné, M., Sanz-Espín, J., AI Is Already Eroding Wages: Quasi-Experimental Evidence From Occupational Exposure, SSRN Working Paper, 

December 2025
25	� PwC, Global AI Jobs Barometer, 2025
26	� Hampole, M., Papanikolaou, D., Schmidt, L., Seegmiller, B., Artificial Intelligence and the Labor Market, NBER Working Paper, Sept. 2025
27	� Babina, T., Fedyk, A., He, A., Hodson, J., Firm Investments in Artificial Intelligence Technologies and Changes in Workforce Composition, NBER Working 

Paper, 2023
28	� Aghion, P., Bunel, S., Jaravel, X. et al., How Different Uses of AI Shape Labor Demand: Evidence from France, AEA Papers and Proceedings, vol. 115,  

pp. 62-67, May 2025

Firms that successfully adopt AI tend to share  
a distinctive profile. They are typically larger, more 
productive, and already higher‑wage employers. 
Humlum and Vestergaard (2025)26 find that a one-
standard-deviation increase in AI is associated with 
approximately 12 percent higher productivity,  
31 percent higher sales and 42 percent higher 
profits, alongside 11 percent higher average 
compensation. Babina et al. (2023)27 reach 
complementary conclusions, finding that AI-investing 
firms shift toward more educated, STEM-oriented 

workforces. Aghion, Bunel, Jaravel et al. (2025)28, 
analyzing French administrative data, document that  
AI-adopting firms are a “highly selected set”  
and that labor demand increases on average  
following adoption. 

This reinforces an important dynamic: early 
AI adoption is not randomly distributed but 
concentrated among firms already positioned  
to absorb complementary investments in data,  
skills and organizational change.

4.5	�Wages: limited aggregate effects, widening dispersion

4.6 	�Leading adopters are larger, more productive firms that pay more

https://budgetlab.yale.edu/research/tracking-impact-ai-labor-market
https://idw-online.de/de/attachmentdata122333
https://www.pwc.com/gx/en/issues/artificial-intelligence/job-barometer/2025/report.pdf
https://www.nber.org/papers/w33509
https://www.nber.org/papers/w31325
https://www.aeaweb.org/articles?id=10.1257/pandp.20251047
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Approaches differ markedly by region. The European 
Union (EU) has adopted the most comprehensive 
framework, treating AI as a technology requiring 
clear rules in place before harm occurs, where it 
affects access to work, pay, performance and job 
security. This culminated in the adoption of the EU 
Artificial Intelligence Act in 202429, which classifies 
AI systems by risk and imposes progressively 
stronger obligations on high‑risk uses, including 
requirements for human oversight, documentation 
and ongoing monitoring.

By contrast, the United States has no equivalent 
federal AI law governing workplace use, relying 
instead on existing employment law and ex‑post 
enforcement.30 The United Kingdom has pursued 
a pro‑innovation approach based on non‑binding 
principles and guidance31, while China has 
implemented a state‑centered model emphasizing 
oversight, security and social stability, with  
relatively few constraints on workplace monitoring 
and automation32.

These differences are already visible in practice.  
EU employers tend to adopt AI more cautiously,  
with structured governance and stronger 
emphasis on human oversight, documentation and 
accountability where AI influences employment 
decisions. In the United States and United Kingdom, 
adoption has progressed more quickly, with 
safeguards emerging through existing law, litigation 
and guidance. 

While overall regulation of AI in labor markets is 
increasing, it generally lags adoption. Policymakers 
have focused on where AI affects people’s rights 
and livelihoods, such as discrimination, opacity  
and intrusive monitoring, while the spread of 
generative AI and algorithmic decision‑making  
has outpaced regulatory understanding and 
enforcement capacity.33

29	� European Commission, EU AI Act, 2024 
30	� CRS, Regulating Artificial Intelligence: U.S. and International Approaches and Considerations for Congress, June 2025 
31	� UK House of Commons, AI Regulation in the UK, June 2026
32	� Cyberspace Administration of China, Interim Measures for the Administration of General Artificial Intelligence Services, July 2023
33	 European Commission, Regulatory Framework for AI, 2024

Source: Altermind

AI is beginning to unbundle key components of the 
recruitment and staffing value chain. Candidate 
sourcing, CV screening, and basic role matching are 
increasingly automated through AI.

Fully automated staffing platforms remain limited, 
but competitive pressure from AI is intensifying. 
Access to task level and behavioral data confers 
a structural advantage in identifying relevant skills, 
raising the prospect that certain matching functions 
can be delivered more efficiently and at lower cost 
by AI enabled platforms. This dynamic is particularly 
pronounced in professional and digital roles, where 
skills evolve rapidly and formal credentials are less 
tightly defined.

The staffing sector is responding by adapting rather 
than standing still. Providers are shifting away from 
narrow matching toward higher value offerings such 
as workforce planning & design, managed hiring 
processes, and talent development, alongside 
greater internal use of AI. Regional responses mirror 
broader regulatory patterns: Europe’s emphasis on 
transparency and oversight offers some protection 
from disintermediation but compresses margins; 
the United States is seeing faster platform led 
experimentation; and Asia Pacific is gravitating 
toward hybrid, platform adjacent models. 

Staffing activity AI disruption threat Value to staffing sector

Candidate sourcing
Screening & basic matching
Assessment & evaluation
Employer branding & job marketing
Compliance, payroll & admin
Client relationship management
Managed hiring / RPO
Workforce planning & advisory
Risk absorption & employer-of-record

4.8	�AI is reshaping the recruitment and staffing sector

High

Low

Low

High

4.7	 Fragmented regulatory landscape

https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=OJ:L_202401689
https://www.congress.gov/crs-product/R48555
https://researchbriefings.files.parliament.uk/documents/CBP-10003/CBP-10003.pdf
https://www.cac.gov.cn/2023-07/13/c_1690898327029107.htm
https://digital-strategy.ec.europa.eu/en/policies/regulatory-framework-ai
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If the labor‑market evidence suggests that the 
aggregate AI impact has been limited – what lies 
ahead? Given the rapid pace of AI development, 
its early and uneven adoption across sectors, the 
largely unrealized potential of “physical AI,” and the 
unknown innovations yet to be built on top of this 
emerging General-Purpose Technology, forecasting 
its future impact on the global economy and labor 
markets is inherently challenging.

For this reason, we have developed a set of 
proprietary scenarios that outline a range of 
plausible, divergent futures, each contingent on a 
distinct set of pathways and assumptions.

Our four scenarios are anchored around a single 
focal question:

“What are the implications of AI and robotics 
disruption for underlying demand in the 
global talent and workforce solutions market 
over the next ten years?“

5.1	 Future trends

These trends represent elements of the future that 
are effectively “in the pipeline” and are highly likely 
to unfold regardless of which scenario ultimately 
materializes. They are either structurally locked in or 
extremely difficult to alter within the ten year horizon 
under consideration. In this sense, parts of the future 
are already pre loaded.

We identified ten future trends over the next  
decade that set the context for the scenario  
analysis that follows:

Theme I: 
AI evolution trends

1.	� AI capabilities will continue  
to evolve non-linearly

2.	� Multiple AI foundation model 
pathways will co exist 

3.	� AI autonomous decisions  
will need to remain  
calibrated with human-in- 
the-loop intervention

5.	Future scenarios

Theme III: 
Structural moderators

9.	� Global regulatory divergence 
will widen, shielding some and 
accelerating disruption  
for others

10.	� Demographic and labor force 
contraction will necessitate 
the need for AI adoption to 
avoid output losses

Theme II: 
Adoption dynamics

4.	� AI diffusion will continue  
at a rapid pace 

5.	� AI capabilities will continue  
to outstrip adoption in an 
uneven adoption landscape 

6.	 �Workflow re-configuration 
agility will become key in 
realizing firm value at scale 

7.	� Physical AI: The next wave  
of industrial automation

8.	� Humanoid and general 
purpose physical AI:  
Early deployment and limits

Before constructing future scenarios, it is essential to identify 
the trends already underway that will shape the outcome. 
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1.	 �AI capabilities will continue to evolve  
non linearly

AI’s current trajectory reflects more than a decade 
of accelerating, non‑linear progress driven by the 
convergence of algorithms, data and compute 
– a pattern consistent with earlier inflection 
points in the field but now resting on far stronger 
technical and industrial foundations. Progress 
is increasingly underwritten by industrial‑scale 
compute: training frontier models requires tens of 
thousands of specialized processors, and big tech 
firms are projected to invest $635–665 billion in AI 
infrastructure in 2026 alone34.

Over the next decade, AI capabilities are likely 
to advance through uneven bursts followed by 
consolidation phases. While brute‑force scaling 
is becoming less decisive, costs continue to 
fall rapidly: inference costs for GPT‑3.5‑level 
performance declined roughly 280‑fold in 18 months, 
hardware costs are falling about 30% per year, and 
energy efficiency is improving by approximately 
40% annually35. These dynamics steadily expand the 
economic viability of automation, while shifting the 
primary constraint from training models to deploying 
them reliably, cheaply, and at scale – reshaping how 
quickly AI diffuses across industries and tasks.

3.	 �AI autonomous decisions will need to remain 
calibrated with human-in-the-loop intervention

Frontier AI systems are not deterministic software 
but neural networks that are “grown rather than 
built.” Through training, they develop internal 
personas that their creators cannot fully interpret 
or control. Controlled experiments across all major 
foundation models have documented behaviors 
including deception, reward hacking and blackmail 
– even in settings where such actions are explicitly 
prohibited. This behavioral opacity is structural to 
the learning paradigm and cannot be eliminated 
through rule‑based programming alone.40

As AI systems move from assistants to more 
autonomous agents, this irreducible uncertainty 
becomes a binding constraint on delegation, 
particularly in regulated and high‑stakes 
environments. As a result, full automation of 
critical decisions will remain limited over the next 
decade, preserving the need for human‑in‑the‑loop 
intervention and shifting work toward supervision, 
verification and accountability of machine‑generated 
outputs.41

2.	 �Multiple AI foundation model pathways  
will co exist 

The early narrative of a single, dominant AI model 
class is giving way to a plural landscape of 
co‑existing pathways. In practice, organizations 
are deploying distinct modes of AI – predictive, 
generative, agentic, and embodied – each diffusing 
on different timelines and exposing different tasks, 
roles, and sectors to disruption. 

In some sectors, competitive advantage is shifting 
from general‑purpose models toward vertical 
specialist systems trained on proprietary data 
and designed for regulated workflows. Vertical AI 
investment reached $3.5 billion in 2025, nearly triple 
the prior year, with healthcare alone accounting for 
$1.5 billion36; Gartner projects that 40% of enterprise 
applications will feature task-specific AI agents by 

end of 202637. By removing the protective effect 
of domain complexity – and increasingly pricing AI 
per outcome rather than per seat – these systems 
accelerate productivity gains and make labor 
substitution more legible and faster to execute.

Further out, the LLM paradigm itself may be 
challenged by “world models” that simulate 
physical reality rather than predict text. Early 
signals include NVIDIA’s Cosmos platform, 
trained on 20 million hours of real‑world data and 
downloaded over two million times38, and Google 
DeepMind’s Genie 3, which demonstrated real‑time 
interactive environment generation in 202539. 
Over the next decade, value capture will occur on 
staggered timelines: first through verticalized LLM 
deployments, and later through physical‑reasoning 
architectures extending AI from cognitive work into 
industrial and embodied domains.

Theme I: AI evolution trends

34	� Reuters, Big Tech set to spend $650 billion in 2026 as AI investments 
soar, 2026

35	� Stanford HAI, AI Index Report 2025
36	� Menlo Ventures, 2025: The State of Generative AI in the Enterprise, 

2026
37	� Gartner, Gartner Predicts 40% of Enterprise Apps Will Feature Task-

Specific AI Agents by 2026, press release, August 2025

38	 NVIDIA, Cosmos World Foundation Models, 2025
39	 Google DeepMind, Genie 3: A new frontier for world models, 2025
40	� Wang, M. et al., Persona Features Control Emergent Misalignment, 

OpenAI, 2025; Amodei, D., The Adolescence of Technology, Anthropic, 
2026

41	 Amodei, D., The Adolescence of Technology, Anthropic, January 2026

https://finance.yahoo.com/news/big-tech-set-to-spend-650-billion-in-2026-as-ai-investments-soar-163907630.html
https://finance.yahoo.com/news/big-tech-set-to-spend-650-billion-in-2026-as-ai-investments-soar-163907630.html
https://hai.stanford.edu/ai-index/2025-ai-index-report
https://menlovc.com/perspective/2025-the-state-of-generative-ai-in-the-enterprise/
https://www.gartner.com/en/newsroom/press-releases/2025-08-26-gartner-predicts-40-percent-of-enterprise-apps-will-feature-task-specific-ai-agents-by-2026-up-from-less-than-5-percent-in-2025
https://www.gartner.com/en/newsroom/press-releases/2025-08-26-gartner-predicts-40-percent-of-enterprise-apps-will-feature-task-specific-ai-agents-by-2026-up-from-less-than-5-percent-in-2025
https://www.nvidia.com/en-us/ai/cosmos/
https://deepmind.google/discover/blog/genie-3-a-new-frontier-for-world-models/
https://arxiv.org/abs/2506.19823
https://www.darioamodei.com/essay/the-adolescence-of-technology
https://www.darioamodei.com/essay/the-adolescence-of-technology
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4.	 AI diffusion will continue at a rapid pace

Generative AI has diffused faster than any prior 
General-Purpose Technology because it launched 
on pre existing internet and cloud infrastructure 
rather than having to build its own. ChatGPT reached 
one million users in five days and 100 million in sixty 
days – the fastest consumer technology uptake 
ever recorded. By mid-2026, it had crossed one 
billion monthly active users42, becoming the fastest 
application in history to reach that scale, with around 
900 million weekly active users43, while Meta AI 
added around one billion monthly users through 
integration into WhatsApp and Instagram44.

This consumer side diffusion is already reshaping 
behavior at scale. ChatGPT now processes more 
than 2.5 billion queries per day45 and Gartner 
projects a 25 percent decline in traditional search 
volume by 2026.46

Enterprise diffusion follows a markedly different 
logic. Organizational deployment is constrained 

by legacy systems, data governance, compliance 
requirements, and the need to redesign workflows 
rather than simply layer on new tools. This has 
produced a persistent “shadow AI” layer, where 
employees use public AI tools ahead of formal 
approval. 

Moving beyond this stage remains difficult: 
OECD analysis (Filippucci et al., 2024)47 shows 
that systemic integration requires substantial 
complementary investment in data infrastructure, 
managerial practices, and organizational design, 
while only around 23 percent of exposed tasks are 
currently cost effectively automatable (Svanberg et 
al., 2024)48.

As a result, timing of adoption – not access to the 
technology itself – is becoming a durable source of 
competitive advantage. Firms that integrate AI at the 
workflow level accumulate productivity, data, and 
talent advantages that late adopters struggle  
to replicate.

Theme II: Adoption dynamics

AI capabilities are advancing faster than 
organizations are able to deploy them, creating  
a persistent and uneven adoption landscape. The 
binding constraint is no longer what models can 
do, but what firms can absorb: while theoretical 
exposure to AI is high, observed deployment 
in professional settings remains far lower, and 
labor‑market effects correlate with actual usage 
rather than potential capability.49 This gap is likely  
to widen, as the capability frontier continues to  
move faster than organizational adaptation.50

Disaggregated adoption reveals structurally distinct 

groups. A small set of large, knowledge‑intensive 
firms are redesigning workflows and governance 
to integrate AI at scale, capturing productivity and 
wage gains. A much larger group remains stuck in 
piloting, where tools are available but organizational 
conditions for scaling are absent. 

The first labor‑market signal of this divergence is 
appearing in hiring rather than layoffs. Entry‑level 
recruitment into highly exposed knowledge‑work 
roles is slowing – particularly for younger workers – 
as leading firms begin to compress junior pipelines 
before reducing demand for experienced roles.

42	� Reuters, ChatGPT app hits 1 billion monthly active users in record time, June 2026
43	� CNBC, Mark Zuckerberg says Meta AI has 1 billion monthly active users, May 2025
44	 �Search Engine Land (reporting OpenAI disclosure), ChatGPT now has 900 million weekly active users, February 2026
45	� Gartner, Gartner Predicts Search Engine Volume Will Drop 25% by 2026, Due to AI Chatbots and Other Virtual Agents, press release, February 2024
46	� Whitney, L., ChatGPT users send 2.5 billion prompts a day, TechCrunch (reporting OpenAI disclosure), July 2025
47	� Filippucci, F. et al., Miracle or Myth? Assessing the Macroeconomic Productivity Gains from Artificial Intelligence, OECD, 2024
48	� Svanberg, M. et al., Beyond AI Exposure: Which Tasks are Cost-Effective to Automate with Computer Vision?, MIT Working Paper, 2024
49	� Massenkoff, M. and McCrory, P., Labor Market Impacts of AI: A New Measure and Early Evidence, Anthropic, 2026
50	� Kwa, T. et al., Measuring AI Ability to Complete Long Tasks, METR, 2025

5.	 �AI capabilities will continue to outstrip adoption in an uneven adoption landscape

https://finance.yahoo.com/sectors/technology/articles/chatgpt-app-hits-1-billion-222139124.html
https://www.cnbc.com/2025/05/28/zuckerberg-meta-ai-one-billion-monthly-users.html
https://searchengineland.com/chatgpt-900-million-weekly-active-users-470492
https://www.gartner.com/en/newsroom/press-releases/2024-02-19-gartner-predicts-search-engine-volume-will-drop-25-percent-by-2026-due-to-ai-chatbots-and-other-virtual-agents
https://techcrunch.com/2025/07/21/chatgpt-users-send-2-5-billion-prompts-a-day/
https://www.oecd.org/content/dam/oecd/en/publications/reports/2024/11/miracle-or-myth-assessing-the-macroeconomic-productivity-gains-from-artificial-intelligence_fde2a597/b524a072-en.pdf
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4700751
https://www.anthropic.com/research/labor-market-impacts
https://metr.org/blog/2025-03-19-measuring-ai-ability-to-complete-long-tasks/
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Productivity gains from AI at the task level do 
not automatically translate into firm‑level value. 
While individual workers using AI tools routinely 
achieve large efficiency gains, realizing those gains 
at scale requires time‑intensive investments in 
complementary organizational assets – including 
workflow redesign, skills, management practices, 
and decision rights – that cannot be bought 
off‑the‑shelf. As with earlier general‑purpose 
technologies, this creates a productivity J‑curve 
in which gains materialize only after substantial 
organizational reconfiguration.51

Firm‑level adoption remains highly concentrated. 
A small group of early adopters – primarily large, 
knowledge‑intensive firms – has moved beyond 

piloting to restructure workflows around AI, 
capturing higher productivity, employment growth, 
and wages. Most organizations remain in an 
intermediate phase where AI is layered onto existing 
processes, generating individual efficiency gains 
without aggregate performance improvements.52

Over the next decade, differences in workflow 
re‑configuration agility, rather than differences in 
AI access or model capability, will be the primary 
determinant of which firms capture value from 
AI. This will widen competitive and labor‑market 
divergence between organizations that treat AI as a 
transformative organizational technology and those 
that treat it as a standalone productivity tool.

The convergence of AI with industrial robotics 
into so called “physical AI” represents the most 
significant advance in factory automation since the 
introduction of the programmable robot in the 1960s. 
Traditional industrial robots were caged, rigidly pre 
programmed, and confined to repetitive tasks in 
highly structured environments.

AI is now being layered onto this installed base. 
Advances in computer vision, reinforcement 
learning, and large language models allow robots 
to perceive their surroundings, adapt to variation, 
and learn new tasks through demonstration. The 
result is a shift from narrow task automation toward 
autonomy, enabling robotic systems to handle non-
standardized tasks.

Crucially, this transition is occurring largely through 
augmentation rather than replacement. The global 
installed base of industrial robots now approaches 
five million units, with annual installations exceeding 
540,000 in 2024. Robot density is highest in South 

Korea (1,220 robots per 10,000 manufacturing 
workers), followed by Singapore, Germany, and 
Japan. China holds the largest installed stock – 
approximately two million units – and accounted for 
54 percent of global new installations in 202453. AI 
capabilities are being integrated into this base, for 
example via collaborative robots from ABB, FANUC, 
and KUKA; AI vision systems such as NVIDIA’s Isaac 
platform; and retrofitted controllers, rather than 
through wholesale replacement of legacy assets.

Over the coming decade, AI enabled industrial 
robotics is likely to broaden its sectoral reach. 
Demographic pressures in industrialized economies 
– including South Korea, Japan, Germany, and 
Central Europe – will sustain demand as firms 
deploy automation to mitigate labor shortages. 
For workforce and talent solutions providers, this 
shift redefines the value proposition: away from 
supplying interchangeable manual labor and toward 
certifying competencies in robotics configuration, AI 
supervision and cross vendor system integration.

51	� Brynjolfsson, E., Rock, D., Syverson, C., The Productivity J-Curve: How Intangibles Complement General Purpose Technologies, NBER 25148, 2020; 
Dell’Acqua, F. et al., Navigating the Jagged Technological Frontier, Harvard Business School, 2026

52	� Humlum, A., Vestergaard, E., Still Waters, Rapid Currents: Early Labor Market Transformation under Generative AI, NBER 33777, 2026; Filippucci, F. et 
al., Miracle or Myth? Assessing the macroeconomic productivity gains from AI, OECD AI, 2024; Aghion, P., Bunel, S., Jaravel, X. et al., How Different 
Uses of AI Shape Labor Demand: Evidence from France, AEA, 2025

53	� International Federation of Robotics, World Robotics 2025 Report, 2025

6.	 �Workflow re configuration agility will become key in realizing firm value at scale

7.	 �Physical AI: The next wave of industrial automation

https://www.nber.org/papers/w25148
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4573321
https://www.nber.org/papers/w33777
https://www.oecd.org/content/dam/oecd/en/publications/reports/2024/11/miracle-or-myth-assessing-the-macroeconomic-productivity-gains-from-artificial-intelligence_fde2a597/b524a072-en.pdf
https://www.aeaweb.org/articles?id=10.1257/pandp.20251047
https://www.aeaweb.org/articles?id=10.1257/pandp.20251047
https://ifr.org/worldrobotics/report-2025
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The convergence of AI “brains” with robotic 
“bodies” is entering early commercial deployment. 
Vision-Language-Action foundation models, 
such as Google DeepMind’s RT-2 and NVIDIA’s 
GR00T N1, allow humanoid platforms to learn 
from demonstration rather than from explicit 
programming. Hardware costs have fallen by roughly 
40% on high-spec components between 2023 and 
2024, with continued annual reductions of 15-30% 
expected, and funding has accelerated, with Figure 
AI, Apptronik and Agility Robotics each having raised 
significant rounds in 2025. Goldman Sachs has 
revised its 2035 humanoid market projection sixfold 
in 2024 to approximately $38 billion54.

Commercial deployments concentrate, however, 
in structured environments where the humanoid 
form factor adds value over fixed industrial robots: 
warehouse intralogistics, automotive assembly and 
selected manufacturing pilots. 

Example include: Agility Robotics’ Digit operates 
in GXO Logistics’ warehouses; Figure 02 works 
at BMW’s South Carolina plant; Mercedes-Benz 
deploys Apptronik’s Apollo. China is moving 
aggressively on volume, with BYD and Tesla 
announcing humanoid production targets.55 

Most humanoids today, however, still perform 
narrow scripted tasks under controlled conditions; 
reliable autonomous operation in unstructured 
environments remains a ten-to-fifteen-year prospect.

Over the next decade, physical AI substitution 
will continue to advance fastest in structured 
blue-collar tasks such as logistics warehousing, 
assembly and packaging, while remaining bound 
by human throughput in unstructured ones 
including construction, in-home care, skilled trades 
and hospitality service. For workforce solutions 
providers, this carves out a mid-decade opportunity 
in physical-AI integration and supervision roles, while 
preserving the bulk of skilled trades labor as  
a stable demand base.

54	� Goldman Sachs Research, The global market for robots could reach $38 billion by 2035, 2024
55	 Misch, F., Park, B., Pizzinelli, C. and Sher, G., Artificial Intelligence and Productivity in Europe, IMF Working Paper, April 2025

8.	� Humanoid and General Purpose Physical AI: early deployment and limits

https://www.goldmansachs.com/insights/articles/the-global-market-for-robots-could-reach-38-billion-by-2035
https://www.imf.org/en/publications/wp/issues/2025/04/04/ai-and-productivity-in-europe-565924
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9.	 �Global regulatory divergence will widen, 
shielding some and accelerating disruption  
for others

AI regulation is diverging sharply across regions,  
and these differences are redistributing labor‑market 
exposure geographically. By setting use restrictions, 
compliance costs, and risk classifications, regulation 
determines which AI applications are deployed,  
in which sectors, and at what speed. 

More precautionary regimes – most notably 
in Europe – are likely to slow the diffusion of 
AI‑intensive business models and dampen 
productivity gains as they look to ensure responsible 
AI adoption, while more permissive environments in 
the United States and China accelerate deployment 
and associated disruption.56

These asymmetries create displacement pressure 
across borders. Firms can shift AI‑intensive 
cognitive and physical work to jurisdictions with 
lower regulatory friction, reshaping where jobs are 
performed rather than whether they exist. Even 
within countries, fragmented or inconsistent rules 
further amplify uneven exposure across workers  
and sectors.

At the same time, regulation is structurally 
mismatched to the pace of AI capability evolution. 
Frameworks are written for technologies that 
are quickly superseded, leaving some workers 
temporarily shielded by outdated rules while others 
face disruption from systems that fall outside 
existing regulatory categories. This lag is not 
transitional but structural, ensuring that regulatory 
divergence – and the uneven labor‑market outcomes 
it produces – will persist over the next decade.

10.	 �Demographic and labor force contraction will 
necessitate the need for AI adoption to avoid 
output losses

Demographic decline will remove far more workers 
from many advanced economies over the coming 
decades than AI is projected to displace. Across 
the OECD, working‑age populations have begun 
to shrink and old‑age dependency ratios are rising 
sharply, turning labor scarcity – rather than job 
scarcity – into a binding macroeconomic constraint.57 
In this context, AI and robotics are increasingly 
adopted not to replace abundant workers, but 
to offset structural labor shortages that wage 
adjustments and migration cannot resolve  
fast enough. 

Where workforces are contracting, AI adoption is 
therefore demand‑driven by the need to sustain 
output. Evidence from physical‑labor‑intensive 
sectors such as agriculture, manufacturing, and 
care shows that automation is deployed to stabilize 
production and improve worker retention rather than 
to reduce headcount. Similar dynamics are emerging 
in skilled cognitive roles, where persistent shortages 
mean that AI augmentation often expands output 
capacity instead of compressing employment.

This reframing is real but geographically uneven. 
In aging economies, AI will primarily function as a 
shortage‑mitigation technology, enabling growth 
with fewer workers. In economies with growing 
labor forces, the same technologies are more likely 

to compress labor demand and intensify transition 
pressures. Over the next decade, demographic 
divergence will ensure that identical AI capabilities 
generate opposing labor‑market dynamics 
across regions – reshaping the role of workforce 
intermediaries and the politics of AI adoption. 

Theme III: Structural moderators

56	� EU AI Act, European Commission, 2024; White House, Executive Order 14179, Removing Barriers to American Leadership in AI, 2025
57	� OECD, Shrinking Smartly and Sustainably, 2025; European Commission, Demographic transformation in the EU:  understanding change and 

adapting to its consequences, July 20266

https://digital-strategy.ec.europa.eu/en/policies/regulatory-framework-ai
https://www.federalregister.gov/documents/2025/01/31/2025-02172/removing-barriers-to-american-leadership-in-artificial-intelligence
https://www.oecd.org/content/dam/oecd/en/publications/reports/2025/05/shrinking-smartly-and-sustainably_f94497c0/f91693e3-en.pdf
https://commission.europa.eu/system/files/2026-07/Demography_Report_2026.pdf
https://commission.europa.eu/system/files/2026-07/Demography_Report_2026.pdf
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The above trends describe developments that will 
most likely unfold over the next decade. Two critical 
dimensions of AI’s future impact on the global 
economy, however, remain deeply contested: 

First, how AI adoption will ultimately affect 
employment levels. Second, the extent to which 
economic and technological power will concentrate 
in the hands of a small number of AI firms.

Expectations regarding AI’s future impact on labor 
markets diverge dramatically:

The prevailing view of AI pioneers and the “street 
view” in equity research, until recently, largely 
converged on a narrative of large scale, near 
term job displacement. This view typically draws 
selectively on estimates of high task exposure, 
while discounting complementary innovation, 
organizational investment needs to capture value 
at firm level, and the historical evidence of net job 
growth outlined earlier.

It positions AI primarily as a destroyer of jobs and 
a source of social dislocation; it influences capital 
allocation decisions; and it materially supported 
fundraising narratives for technology companies 
seeking to justify the extraordinary capital required 
to develop and scale AI systems. 

The narrative has been reinforced by high profile 
layoffs explicitly attributed to AI investment and 
automation, amplifying its prominence in media 
coverage and market commentary.

5.2 Two major uncertainties

Net impact on labor market

Predicted net labor-market impact over the next decade

Workforce contraction
(substitution-led)

Modest or uncertain net effect
(complementarity offsets displacement)

Workforce expansion
(augmentation-led)

1

1

2

2

4

3

7

6

5

4

8

7

10

9

6

5

9

8

Pessimistic cluster Centre / cautious Optimistic cluster

Musk, Moonshots podcast, 2026 Cazzaniga, IMF SDN, Jan 2024 Aghion, Aghion & Bunel, 2024

Hinton, BBC & CBS, 2024-25 Acemoglu, NBER WP, 2024 Huang, GTC & WGS, 2024-25

Amodei, Fortune, 2026 Bezos, Italian Tech Week, 2025

Altman, Fortune, 2026

https://www.diamandis.com/podcast/elon-musk-agi-timeline-copy-code
https://www.imf.org/en/publications/staff-discussion-notes/issues/2024/01/14/gen-ai-artificial-intelligence-and-the-future-of-work-542379
https://www.frbsf.org/wp-content/uploads/AI-and-Growth-Aghion-Bunel.pdf
https://www.bbc.co.uk/news/articles/cnd607ekl99o
https://www.nber.org/papers/w32487
https://www.cnbc.com/2025/05/28/nvidia-ceo-jensen-huang-youll-lose-your-job-to-somebody-who-uses-ai.html
https://fortune.com/2026/05/05/dario-amodei-jevons-paradox-will-ai-wipe-out-white-collar-jobs/
https://fortune.com/2026/06/17/ai-create-more-jobs-labor-shortage-jeff-bezos/
https://fortune.com/2026/05/26/sam-altman-dario-amodei-walking-back-ai-jobs-apocalypse-prophecies-ipo/
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Examples of AI lay-off headlines in 2026

In 2026, the consensus on large-scale, near-
term displacement is shifting. Several of its most 
prominent proponents publicly stepped back:  
Altman acknowledged he had been “pretty wrong” 
about the pace at which entry-level white-collar roles 
would be eliminated, while Amodei recast automation 
as a force that expands the work people do rather 
than simply erasing it.58 Early empirical trackers point 
the same way: the Yale Budget Lab finds that, as of 
mid-2026, the occupational mix has not shifted in 
ways that align with AI adoption, and that measures 
of AI use show no clear connection to changes 
in employment or unemployment.59 Market-side 
commentators have gone further still, dismissing the 
“job apocalypse” as a modern restatement of the 
lump-of-labor fallacy.60

In contrast to this volatile market perspective, the 
academic literature presents a more stable – and 
often positive – assessment of AI’s macroeconomic 
impact. At the conservative end of the spectrum, 
Acemoglu (2024) estimates an increase of 
approximately 0.07 percentage points in annual TFP 
growth, translating into cumulative GDP growth of 
approximately 1.1 to 1.5 percent over ten years. 

Using the same analytical framework but more 
expansive assumptions – 60 percent task exposure, 
a 50 percent adoption rate, and 40 percent labor 
cost savings – Aghion and Bunel (2024)61, estimate a 
median increase of 0.68 percentage points in annual 
TFP growth, roughly ten times Acemoglu’s projection.

Overall, expectations for future TFP growth are 
broadly consistent with the historical experience of 
General-Purpose Technology innovations.

April 2026, BBC

January 2026, CNBC

Meta to cut one in 10 
jobs after spending 
billions on AI

Amazon laying 
off about 16,000 
corporate workers 
in latest anti-
bureaucracy push

Block shares soar as 
much as 24% as company 
slashes workforce by 
nearly half

Atlassian follows Block’s 
footsteps and cuts staff 
in the name of AI

In total, AI has been cited 
in 27,645 U.S. job cuts in 
2026 to date 

February 2026, CNBC

March 2026, Bloomberg

March 2026, Challenger, Gray & Christmas

58	 Sam Altman and Dario Amodei are both walking back their AI jobs apocalypse prophecies as they eye blockbuster IPOs, Fortune, May 2026
59	 The Budget Lab at Yale, Tracking the Impact of AI on the Labor Market, 2026
60	 George, D. (Andreessen Horowitz), The AI Job Apocalypse Is a Complete Fantasy, 2026 (market commentary)
61	 Aghion, P., Bunel, S., AI and Growth: Where Do We Stand?, Banque de France / Fed, 2024

https://fortune.com/2026/05/26/sam-altman-dario-amodei-walking-back-ai-jobs-apocalypse-prophecies-ipo/
https://budgetlab.yale.edu/research/tracking-impact-ai-labor-market
https://a16z.com/the-ai-job-apocalypse-is-a-complete-fantasy/
https://www.frbsf.org/wp-content/uploads/AI-and-Growth-Aghion-Bunel.pdf
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Estimates of AI productivity gains

US
Aghion & Bunel

(2024)

US
Filippucci et al

(2024)

EA
Bergeaud

(2024)

US
Acemoglu

(2024)

0,6

0,4

0,2

0

0,68

0,43

0,29

+0,07

Total factor productivity

10x
difference

Data sources for task level productivity gains: coding output from Gambacorta et al (2024); coding task completion rate from Peng et al (2024); consultant 
tasks from Dell’Acqua et al (2023); clerical tasks and writing from Noy and Zhang (2023); software developers’ productivity from Cui et al (2025); and 
customer support from Brynjolfsson et al (2025)

Beyond a broad expectation of total factor 
productivity growth, literature does not support  
a narrative of sustained mass unemployment. 

Baily, Brynjolfsson, and Korinek (2023) show that 
the historical experience of General-Purpose 
Technologies points to job transformation rather than 
job destruction, with outcomes depending critically 
on whether AI is deployed primarily as a complement 
to labor or as a substitute for it. Acemoglu (2024) 

likewise emphasizes that labor market outcomes are 
materially more positive when AI is used to create 
new tasks – enhancing expertise, enabling real time 
decision making, and supporting personalization.

Consistent with this view, recent outlooks from the 
OECD (2025), the BIS (2026), and NBER working 
papers converge on a future characterized by 
job abundance rather than scarcity, albeit with 
significant compositional change.

62	 Gambacorta, L., Kharroubi, E., Mehrotra, A., Pancotto, L., Economic Impact of AI in Emerging Market Economies, BIS Bulletin No. 121, 2026
63	 Bergeaud, A., The past, present and future of European productivity, ECB Sintra Forum, 2024
64	 Misch, F., Park, J., Pizzinelli, C., Sher, G., AI and Productivity in Europe, IMF Working Paper 25/67, 2025

AI power concentration

The second contested dimension concerns the 
degree to which AI’s economic value – and the 
power that accompanies it – will concentrate across 
the AI value chain, and how this concentration will 
shape diffusion and labor market outcomes.

A growing body of research warns that AI driven 
productivity gains may accrue disproportionately to 
a small number of “superstar” firms and jurisdictions. 
Aghion and Bunel (2024) argue that concentration in 
foundational models and access to compute could 
slow broad based adoption, limiting spillovers to the 
wider economy. BIS research (Gambacorta et al., 
2026) reinforces this view, showing that identical 
AI related productivity shocks would translate into 
materially different real value added growth across 
advanced and emerging economies – approximately 
0.6 versus 0.45 percentage points, respectively62 

– reflecting differences in sectoral structure, digital 
infrastructure, and institutional capacity.

European evidence illustrates both the opportunity 
and the constraint. Bergeaud (2024) projects 

cumulative productivity gains of around 2.9 percent 
over a decade – modestly above U.S. estimates, 
largely due to higher labor costs that strengthen 
incentives for automation63. However, this advantage 
is tempered by Europe’s reliance on U.S. based AI 
providers, which may limit longer term strategic and 
distributional benefits.

More broadly, the scale and distribution of AI’s 
impact will be shaped by interacting constraints 
beyond technology alone. Regulatory regimes, 
energy availability, and adoption speed play a 
decisive role. IMF analysis suggests that European 
regulation could reduce realized productivity gains 
by more than 30 percent64, while energy costs are 
emerging as a structural advantage for jurisdictions 
with abundant, low cost supply – notably the United 
States and parts of the Middle East.

The key uncertainty is not whether AI will raise 
productivity, but who captures the gains, how 
quickly they diffuse, and how unevenly their labor 
market consequences unfold.

https://www.bis.org/publ/bisbull121.htm
https://www.ecb.europa.eu/pub/pdf/sintra/ecb.forumcentbankpub2024_Bergeaud_paper.de.pdf
https://www.imf.org/en/publications/wp/issues/2025/04/04/ai-and-productivity-in-europe-565924
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‘Flourishing  
economy’

‘Walled 
Garden’

Scenario 1:

Scenario 3:

Given these uncertainties, the challenge for decision 
makers is not to predict a single outcome, but to 
prepare for a range of plausible futures.

Each scenario describes a distinct world ten 
years from now. The path toward any of them may 
unfold gradually or unevenly, or shift abruptly in 
response to changes in policy, technology, adoption 
patterns, or investment behavior. Beyond illustrating 
alternative end states, the scenarios provide a 
practical framework for monitoring the direction of 
travel over time. By design, today sits at the center 
of the scenario matrix.

Our four scenarios are structured around two 
uncertainties we believe to be both highly 
consequential and highly uncertain.

First, the ‘Predominant Workforce’ model. We 
assume that the coexistence of human and 
“digital” workers will be a feature of almost all 
labor environments within ten years. This axis 
therefore reflects whether work and value creation 
are primarily executed by humans augmented by 
AI (“Hybrid”) or by highly autonomous digital and 
robotic workers (“Digital & Autonomous”).

Second, the ‘Degree of Concentration in AI and 
Robotics Technology and Capital’. This axis 
captures who controls the AI and robotics stack 
– technologically and financially – ranging from a 
model of centralized control by a small number 
of firms and jurisdictions to a more distributed 
ecosystem with broader access and participation.

5.3 Future scenarios: Impact of AI on global labor markets

Predominant workforce model Predominant workforce model

‘Capital  
rules’

‘Deus Ex 
Machina’

Scenario 2:

Scenario 4:
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Scenario 1: Flourishing economy (Hybrid workforce + distributed ecosystem) 
(Key trends driving this scenario: 1, 2, 3, 4, 6, 7, 10)

Scenario narrative 
In this future, AI and robotics underpin nearly all 
economic activity, but they function primarily as 
complements to human labor rather than wholesale 
substitutes. Adoption initially accelerates as 
a response to acute labor shortages in aging 
economies, with digital and autonomous systems 
deployed to raise effective labor supply and prevent 
output losses. As capabilities mature, selective 
substitution occurs in narrowly defined routine roles, 
but widespread displacement is avoided. Advances 
in AI agents and modular robotics diffuse through 
an open, competitive ecosystem that prioritizes 
interoperability, safety, and human‑centered design. 
No single provider controls the stack, allowing 
organizations to tailor technology to existing 
workflows and regulatory contexts. Innovation is 
steady, cumulative, responsible and resilient – 
optimized for collaboration between people and 
machines rather than full autonomy.

Corporates focus on redesigning work instead 
of eliminating it. AI copilots absorb routine and 
analytical tasks, freeing human workers to 
concentrate on judgment, creativity, relationship 
management, and cross‑functional problem solving. 
Some roles shrink or change, but these shifts are 
largely offset by growth in new functions such as 
AI supervision, system integration, training and 
change management. At the same time, widely 
accessible technology, mobile capital, and a highly 
skilled, AI‑augmented workforce catalyze a wave of 
opportunity‑driven entrepreneurship. New hybrid‑first 
firms emerge across services, industry, and digital 
sectors, expanding employment and innovation 
rather than compressing them.

Capital investment is broad and geographically 
dispersed, with returns accruing not only to 
technology providers but also to organizations and 
start‑ups that successfully translate augmentation 
into productivity, quality, and new offerings.

Labor market dynamics 
Employment remains high and participation broad 
as AI and robotics expand labor capacity rather than 
compress it. White-collar roles shift from execution 
toward judgment, coordination and relationship 
management, while blue-collar work is preserved 
and upgraded through collaborative automation.

Skills remain portable due to open and interoperable 
systems. Careers are shaped by learning velocity 
and durable capabilities rather than firm specific 
tools, supporting high labor mobility across firms 
and sectors. Entrepreneurship is opportunity driven 
and innovation is resilient, as hybrid technologies 
enable new services and business models alongside 
employment growth.

Wage outcomes reflect “broad based” productivity 
gains. Wages rise across the skill distribution, while 
the AI skills premium compresses over time as AI 
literacy becomes a general competence. The labor 
share of national income remains stable or increases 
modestly. Labor demand remains geographically 
dispersed rather than concentrated.

Labor market equilibrium 
Net‑net, the labor market remains large, adaptive, 
and skills‑intensive, characterized by high mobility, 
continuous firm creation, and sustained demand for 
reskilling, redeployment, and workforce solutions 
that support ongoing human–AI collaboration and 
long‑term economic growth.
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Scenario 2: ‘Capital Rules’ (Digital & autonomous workforce + distributed ecosystem) 
(Key trends driving this scenario: 1, 2, 4, 6, 7, 9, 10)

Scenario narrative 
Ten years from now, AI and robotics execute the 
majority of economically valuable work, but  
unlike past waves of automation, control over  
these technologies is broadly distributed. 
Breakthroughs in agentic AI and modular, cost 
efficient robotics have made large scale automation 
economically unavoidable across both cognitive  
and physical domains. Adoption initially accelerated 
as a response to acute labor shortages in  
aging economies. 

This helped to maintain overall economic output 
and competitiveness: digital and autonomous 
systems were deployed to sustain output where 
human workers were no longer available. As 
capabilities matured and costs fell further at the 
end of this decade, automation extended beyond 
shortage mitigation into substitution across routine 
cognitive and physical work. However, open models, 
standardized hardware, and interoperable robotics 
platforms prevented extreme concentration of 
power. Automation capacity is assembled rather 
than bought whole, with enterprises combining 
solutions from hyperscalers, regional champions and 
specialist vendors to fit their operational needs.

For corporates, this environment delivers both 
maximum automation and maximum strategic 
choice. Routine white‑collar tasks – analysis, 
coordination, compliance, and customer operations 
– are by the beginning of the next decade largely 
absorbed by AI agents, while robotics dominates 
repeatable physical work across manufacturing, 
logistics, construction, and field services. Firms 
differentiate less through access to automation itself 
and more through how effectively they integrate 
autonomous systems into distinctive workflows, 
customer experiences, and value propositions. 
Capital investment in AI and robotics is substantial 
but widely dispersed across public funding, national 
industrial strategies, and private investors, limiting 
“winner‑takes‑most” dynamics and enabling 
participation by mid‑sized firms and new entrants.

Because control is distributed, geographic impacts 
are shaped by the depth of capital markets, quality 
of AI regulation, labor institution flexibility and 
availability of “low-cost” energy.

Labor market dynamics 
The labor market follows a phased but dynamic 
adjustment. After an initial period in which AI and 
robotics primarily filled structural labor gaps, 
widespread substitution led to a contraction in 
demand for routine back‑ and middle‑office roles and 
a temporary dip in employment. This displacement 
phase was, however, short‑lived. 

Because displaced workers were largely tech‑savvy 
and operated in a world of widely accessible, 
low‑cost automation, it was followed by a rebound 
driven by firm creation, entrepreneurship ‘out of 
necessity’ coupled with new investments. Small, 
automation‑first companies proliferated across 
services, software, logistics, and light manufacturing, 
many operating with a “pyramid of 1” staffing 
structure – minimal human headcount supported by 
extensive AI and robotics. 

Routine cognitive and physical roles (back office 
processing, basic analysis, coordination, repetitive 
manual work) face sustained downward wage 
pressure as AI agents and robotics set a low 
marginal cost benchmark for execution. To the 
contrary, strong and durable wage premiums 
emerge for workers who design, integrate, 
supervise, and adapt autonomous systems.

Labor market equilibrium 
Net‑net, the Capital Rules world settles into  
a structurally smaller but highly dynamic labor 
market, characterized by high churn, elevated 
entrepreneurship, and a growing share of workers 
acting as founders, contractors, or members 
of hybrid human–AI teams, stabilizing below 
pre‑automation employment peaks but far  
from collapse.
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Scenario 3: Walled Garden (Hybrid workforce + centralized control) 
(Key trends driving this scenario: 2, 4, 5, 6, 7, 9, 10)

Scenario narrative 
Here, AI and robotics are deeply embedded 
across most sectors, but their development and 
deployment are tightly controlled by a small number 
of global technology conglomerates. These firms 
dominate advanced semiconductors, hyperscale 
compute and energy infrastructure, foundation 
models, and core robotics platforms, setting 
standards and pricing through closed or semi‑closed 
ecosystems. Over time, they also absorb many 
emerging specialized model providers, reinforcing 
an oligopolistic market structure. While AI‑using 
organizations have broad access to these tools, 
customization, experimentation, and work redesign 
are constrained by platform boundaries, compliance 
requirements, and provider roadmaps.

Hybrid work is strong although most corporates 
operate hybrid workforces by necessity as much 
as by choice. Demographic labor shortages make 
AI and robotics essential for sustaining output, 
particularly in healthcare, logistics, manufacturing, 
and infrastructure. Productivity improves steadily,  
but labor‑market dynamism remains limited. 
Competitive advantage comes less from 
technological differentiation and more from how 
effectively organizations integrate standardized 
AI platforms into their people, processes, and 
governance models. 

Capital investment and returns are concentrated 
among platform owners, while employment remains 
relatively stable but increasingly constrained. Skill 
requirements rise sharply, favoring workers who can 
operate within platform‑defined systems, manage 
compliance and oversight obligations, and adapt 
to frequent, provider‑driven upgrades. Reskilling 
exists, but access is uneven and often mediated by 
employers and dominant technology providers. 

Labor market dynamics 
The labor market settles into a managed equilibrium. 
Employment remains broadly stable, with low churn 
and limited displacement. Hybrid designs preserve 
jobs, but mobility increasingly occurs within platform 
ecosystems rather than across the wider economy.

Skills and careers become platform defined. 
Demand concentrates around platform specific 
certifications and governance roles, reducing skill 
portability and individual bargaining power. Reskilling 
exists, but access is uneven and often mediated by 
employers and dominant providers.

Wage outcomes diverge accordingly. Platform 
certified workers capture premia, while peripheral 
roles experience muted wage growth. The labor 
share is preserved in aggregate, but most AI rents 
accrue to platform owners rather than to labor.

Labor market equilibrium 
The Walled Garden delivers stability without 
dynamism. Net‑net, the labor market avoids 
large‑scale disruption but settles into a managed 
equilibrium – stable employment, higher productivity 
per worker, low mobility, muted entrepreneurship, 
and entrenched dependence on centralized  
AI platforms.
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Scenario 4: Deus Ex Machina (Digital & autonomous workforce + centralized control) 
(Key trends driving this scenario: 1, 4, 6, 7, 8, 9, 10)

Scenario narrative 
This is a world of ubiquitous automation and 
high productivity, but extreme concentration of 
AI technology and capital. A small number of 
technology companies own the core intellectual 
property and operate the AI and robotics 
infrastructure that underpins most economic output, 
vertically integrated across compute, models, 
and physical systems. These firms aggregate the 
world’s leading technical talent and are backed by a 
relatively small group of institutional and sovereign 
investors that exert influence through capital‑linked 
governance. Over time, the dominant platforms 
come to resemble utility‑like providers of productive 
capacity, extracting value through usage‑based 
pricing and long‑term contracts. Corporates 
no longer build workforces at scale; they rent 
automation instead.

Automation adoption initially accelerates as 
a response to acute labor shortages in aging 
economies, with digital and autonomous systems 
deployed to prevent output losses in sectors such 
as manufacturing, logistics, agriculture, healthcare 
support, and administration. Once full autonomy 
proves reliable and cost‑effective, however, 
automation rapidly moves beyond shortage 
mitigation into broad labor substitution. 

Over the decade, physical AI becomes a pervasive 
layer of production, though its reach remains 
concentrated in structured and semi structured 
environments rather than fully unstructured 
settings. Robotics scales rapidly across factories, 
warehouses, ports, data centers, large scale 
construction sites, industrial agriculture, and 
healthcare support operations, where workflows can 
be standardized and environments engineered for 
autonomy. Autonomous mobile robots handle most 
material movement and intralogistics; robotic arms 
and fixed systems dominate assembly, packaging, 
and quality control; and specialized field robots 
perform repeatable tasks in farming, mining, and 
infrastructure maintenance under tightly defined 
operating conditions.

Crucially, this expansion is enabled not by 
widespread ownership of robots, but by platform 

based deployment. Dominant providers deliver 
physical AI as an integrated service – bundling 
hardware, software, updates, and operations into 
long term contracts. Facilities are redesigned 
to accommodate robotic systems rather than 
the reverse, further entrenching dependence on 
proprietary platforms. While human labor persists 
in edge cases, oversight, and exception handling, 
the bulk of standardized physical work in these 
environments is executed autonomously.

Labor market dynamics 
The labor market contracts sharply and becomes 
highly polarized. Human roles persist mainly in 
platform oversight, system maintenance, regulatory 
compliance, security, and a narrow set of high‑trust, 
high‑judgment leadership and creative functions. 
Traditional employment opportunities outside the 
major technology platforms are few, specialized, 
and unevenly distributed across regions. Labor 
mobility and entrepreneurial absorption are limited 
by high capital requirements, platform lock‑in, and 
the dominance of automation‑as‑a‑service models.

As the link between work and income weakens, 
governments – particularly in countries that do 
not benefit materially from corporate income and 
capital‑gains taxation tied to the dominant platforms 
– introduce automation taxes and universal income 
or broad transfer schemes to manage social 
pressure. Where these schemes are sufficiently 
generous and stable, they support subsistence and 
consumption rather than large‑scale reintegration 
into formal employment. In some cases, this leads 
to an unexpected rise in micro‑businesses, informal 
economic activity and resurgence of the arts and 
communities. These remain peripheral to the core 
of capital‑dominated engine of growth yet provide 
meaning to people. 

Labor market equilibrium 
Net‑net, the Deus Ex Machina world delivers high 
productivity and sustained output, but at the cost 
of a profoundly diminished role for human labor in 
the formal economy and a fundamental break from 
labor‑centered growth models. 
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6.	Staffing and workforce solutions sector implications
This section focuses on the three scenarios in which labor markets remain economically 
meaningful (Capital Rules, Flourishing Economy, and Walled Garden), setting aside the 
terminal Deus Ex-Machina case where human labor plays only a residual role.

Across these three scenarios, the staffing and 
workforce solutions sector evolves in broadly 
similar ways. While labor market dynamics differ in 
intensity and governance, a clear pattern emerges: 
value shifts away from volume labor staffing toward 
enabling hybrid workforce orchestration in a labor 
market where human and digital workers co-exist.

Shared structural shifts across scenarios

Traditional volume staffing contracts structurally 
as demand shifts from filling predefined roles to 
enabling continuous reconfiguration of work at 
the task and capability level. Workforce solution 
providers must increasingly operate upstream of 
hiring, shaping how work is designed around AI and 
robotics rather than supplying labor into fixed roles.

As a result, hybrid workflow redesign and skills 
intelligence become core assets. Providers that 
help corporates redefine AI centered workflows, 
dynamically map emerging skills, certify transferable 
capabilities, and support redeployment across 
evolving human–machine configurations gain 
advantage, while static occupational categories 
steadily lose relevance.

Reskilling and redeployment move from episodic 
responses to persistent demand. Workforce 
solutions evolve from managing disruption to 
operating continuous learning, transition and  
career navigation systems that support  
sustained adjustment.

At the same time, the sector’s role expands from 
staffing labor to enabling productivity. Providers are 
expected to combine talent, learning infrastructure 
and, in some cases, AI enabled productivity 
tools into integrated offerings, acting as neutral 
orchestrators across technology stacks and 
regulatory contexts.

Disintermediation risk rises as AI platforms and large 
employers gain direct access to granular, task level 
data on how work is performed and where skills 
gaps emerge. This information advantage allows 
platforms to internalize elements of matching, 
assessment and workforce planning that have 
traditionally underpinned the staffing sector’s role.

In addition, the competitive arena shifts. As 
workforce solutions providers respond by moving 
upstream into workforce orchestration – including 
work redesign, reskilling and productivity – their offer 
increasingly converges with that of large technology 
consulting firms.

In both cases, differentiation hinges on labor market 
expertise, trust, regulatory assurance and ownership 
of workforce outcomes.

Where scenarios diverge

In Capital Rules, high churn and entrepreneurial 
recomposition drive demand for transition 
infrastructure. Workforce providers add value by 
enabling rapid movement between roles, firms and 
configurations, particularly for SMEs and mid market 
firms assembling fragmented automation stacks.

In Flourishing Economy, workforce solution 
providers become architects of adaptation and 
growth. Demand concentrates on workforce design, 
job architecture, continuous skill deepening and 
high skill interim talent. Providers integrating skills 
intelligence, learning infrastructure and execution 
become long term productivity partners.

In Walled Garden, relevance persists but strategic 
latitude narrows. Value depends on alignment 
with dominant platforms through platform 
specific pipelines, certification based training and 
compliance assurance. Disintermediation pressure 
intensifies, accelerating consolidation and favoring 
providers with scale, regulatory expertise and 
trusted accountability.

Net implication for the sector

Across all three scenarios, the sector is 
fundamentally re shaped. Those providers that can 
shift towards value-added services around hybrid 
workforce orchestration will fundamentally provide 
productivity infrastructure to their clients. They will 
have the opportunity to become embedded and 
break out of the cyclical labor staffing space. 
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7.	Conclusions
The scenarios presented in this report underscore that the future of work in an age of AI is 
not pre-written. While there is genuine uncertainty, the direction of travel remains very much 
in our collective hands. Both key axes that determine labor market outcomes are subject to 
deliberate design and negotiation, not fate.

Against this backdrop, the currently prevailing  
“doom and gloom” narrative (the ‘Deus Ex  
Machina’ scenario in our framework) narrated  
by parts of the financial sector and media appears 
out of proportion. It is heavily skewed towards  
worst-case assumptions and often guided by  
fear of the unknown, rather than grounded in 
historical experience or the growing body of 
empirical evidence. 

Of the four scenarios we analyze, only one 
resembles the severe labor market collapse that has 
fueled public debate. Betting on that single outcome 
means betting against past episodes of general-
purpose technological change, against current data, 
and against what we judge to equally plausible and 
more probable futures.

In these more likely trajectories, the role of 
workforce and solution providers is shifting 
substantially. They shift from being primarily 
providers of the human workforce to becoming 
value-adding orchestrators of hybrid workforce 

systems in which humans and AI jointly drive 
productivity. The speed and nuances of this seismic 
shift will differ by geography. Beyond understanding 
workflow processes, deep local and regional know-
how around regulation and culture will be required. 

Finally, as with earlier technological revolutions, new 
roles and occupations will emerge, creating demand 
for new jobs, skills and complementary human 
expertise that we cannot yet imagine or sketch out.

Realizing the more optimistic scenarios requires a 
concerted effort from governments, labor market 
institutions, technology firms, investors, workforce 
solutions orchestrators and robust engagement from 
civil society. AI can amplify existing inequalities and 
dislocation, or it can enable a new wave of inclusive 
productivity growth. 

The difference between these paths will be 
determined less by what technology can do in 
principle, and more by the choices that key actors 
make in practice over the years ahead.
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